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Fig.4 Large language model question answering method
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Table 3 Handling of open—ended and long—tail questions
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Table 4 User friendliness
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Table 5 Combining high recall rate and user friendliness
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Table 6 Illusions of large language models
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Fig.5 Overall architecture of the knowledge graph—enabled intelligent QA system
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Food Knowledge Graph-based Intelligent Perception Question Answering

Song Xiaoning, Jiang Qiyi, Zhang Wenjie, Wu Xiaojun
(School of Artificial Intelligence and Computer Science, Jiangnan University, Wuxi 214122, Jiangsu)

Abstract Food safety is of vital importance to people’s lives. With the improvement of living standards, public concern
about food safety has also increased, and the urgent need for reliable and effective information response has arisen. Ex-
isting intelligent question—answering systems, such as those based on text vector libraries, have made some progress in
knowledge reasoning, problem handling, and semantic relationship recognition, but still have some shortcomings; ques-
tion—answering systems based on knowledge graphs face inherent challenges in terms of graph construction cost and infor-
mation recall rate; while question-answering systems based on template matching are poor in question generalization abil-
ity and context understanding. This paper proposes an innovative knowledge graph—based intelligent perception question—
answering system based on large language models (LLM). Using large language models to improve the shortcomings of the
template matching method, combining text vector libraries and knowledge graphs at the same time, and introducing high—
dimensional vector semantic search technology into the knowledge graph retrieval process to improve the knowledge graph
retrieval recall rate. This innovative approach significantly improves the overall performance of the question—answering sys-
tem and the user’s experience.

Keywords artificial intelligence; food safety; knowledge graph; large language models; intelligent question answering



